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Abstract 

Agentic artificial intelligence is transforming Salesforce Healthcare Customer Relationship 

Management (CRM) platforms by enabling intelligent decision-making, workflow orchestration, and 

personalized care operations. However, the increasing autonomy of AI systems in regulated healthcare 

environments introduces significant challenges related to explainability, accountability, privacy, 

auditability, and compliance. This paper proposes a comprehensive governance blueprint for the safe 

deployment of agentic Salesforce Healthcare CRM systems through a Human-in-the-Loop (HITL) 

framework. The proposed architecture integrates four core layers—data integrity, intelligence and 

orchestration, governance and observability, and human oversight—to ensure responsible AI adoption 

across healthcare operations. A risk-based operating model categorizes AI-driven actions into low-, 

medium-, and high-risk tiers, aligning each with appropriate monitoring, approval, and escalation 

mechanisms. The framework further incorporates governance-by-design principles, zero-trust security, 

consent-aware data management, and continuous feedback loops to strengthen operational resilience. 

The proposed blueprint provides healthcare organizations with a practical roadmap for achieving 

trustworthy, explainable, compliant, and scalable agentic CRM implementations while maintaining 

human accountability and improving governance maturity. 

Keywords; Agentic AI, Human-in-the-Loop, Salesforce Healthcare CRM, Explainable AI, AI 

Governance 

INTRODUCTION 

Healthcare organizations continue to face simultaneous pressure to modernize 

digital engagement, improve operational responsiveness, reduce administrative 

waste, and strengthen governance across privacy, security, and audit domains. 

These pressures are particularly visible in payer and provider organizations where 

customer relationship management platforms have expanded from communication 

tools into operational systems that influence claims processing, care coordination, 

outreach prioritization, identity resolution, and consent-aware engagement. The 

emergence of agentic artificial intelligence within enterprise CRM platforms adds 

another level of transformation by enabling systems to recommend, sequence, and 

in some cases initiate actions based on real-time data signals, orchestration logic, 

and predictive inference. (Sapkota et al., 2026) 

In healthcare, this transition is not simply a technical upgrade. It changes the 

risk profile of enterprise operations. An automation failure in a retail campaign 

environment may reduce conversion performance; an analogous failure in a 

healthcare payer or provider CRM can affect member trust, claims flow, outreach 

eligibility, communication timing, and the integrity of regulated data handling 

(Dubey, 2019). As organizations adopt Salesforce Data Cloud, Salesforce 

Industries, and agent-driven workflow tooling to improve speed and 

personalization, they also inherit risks related to opaque reasoning, policy bypass, 

incorrect identity resolution, data minimization failures, and weak escalation 

control over high-impact actions. (Guttha, 2025) 

Existing implementation approaches often emphasize architecture scalability, 

orchestration efficiency, or vendor feature adoption without sufficiently addressing 

the governance operating model required for safe deployment in regulated care 

settings.  

https://crossmark.crossref.org/dialog?doi=10.69968/ijisem.2026v5i3104-112
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(Liu et al., 2025)Security controls alone are not enough. 

Traditional audit logging alone is not enough. Even 

responsible AI principles, when left at the policy layer, are 

not enough unless they are translated into enforceable 

architectural controls, review steps, decision thresholds, 

override mechanisms, and evidence generation processes. 

For healthcare enterprises, agentic CRM therefore requires 

a combined architecture of technical enablement and 

operational accountability. (Kollu, 2023) 

This paper proposes a practitioner-led blueprint for 

human-in-the-loop safety, explainability, and governance in 

agentic Salesforce healthcare CRM environments. The 

framework builds on established implementation domains 

that have already become central in modern healthcare CRM 

transformation, including Data Cloud ingestion and 

harmonization, identity resolution, consent-aware 

activation, Salesforce Industries workflow design, zero-trust 

security posture, and AI-augmented claims and care 

management support. The contribution of this paper is to 

integrate these previously separate concerns into a unified 

governance architecture that preserves speed and 

intelligence while keeping high-stakes operational action 

reviewable, auditable, and accountable.   

The paper makes four contributions. First, it defines the 

specific governance gap created by the shift from 

deterministic workflow automation to agentic orchestration 

in healthcare CRM. Second, it introduces a layered reference 

architecture that embeds human oversight, explainability, 

policy enforcement, and observability directly into the 

platform model. Third, it proposes a practical operating 

framework that classifies automation by risk tier and aligns 

each tier with approval requirements, escalation rules, and 

traceability expectations. Fourth, it provides an 

implementation roadmap and an evaluation model that 

healthcare enterprises can use to operationalize governance 

maturity over time. 

BACKGROUND AND PROBLEM CONTEXT 

Healthcare Customer Relationship Management (CRM) 

platforms have evolved far beyond communication and case 

management to support member onboarding, claims 

processing, prior authorization, care gap identification, 

grievance management, field service coordination, and 

omnichannel engagement. With Salesforce Data Cloud and 

related integration technologies, these platforms consolidate 

identity, consent, transaction, and operational data to enable 

intelligent workflows and agentic AI-driven decision-

making. However, healthcare ecosystems remain highly 

fragmented, with claims systems, care management 

platforms, provider networks, call centers, and external 

partners operating under varying governance standards. 

While data centralization improves operational efficiency, it 

also amplifies the risks of identity mismatches, consent 

violations, policy failures, and unsafe automated actions. 

The increasing adoption of AI-assisted recommendations, 

intelligent routing, generative support, and agentic 

orchestration enhances productivity but introduces 

significant governance challenges in regulated care 

environments. Safe deployment requires more than accurate 

AI models; it depends on robust data quality, consent 

integrity, policy enforcement, observability, role-based 

accountability, and effective human oversight. Therefore, 

the key challenge is establishing governance frameworks 

that enable responsible automation while ensuring 

explainability, compliance, auditability, and public trust in 

healthcare operations. 

OBJECTIVE OF THE STUDY 

• To develop a human-in-the-loop governance 

blueprint for the safe deployment of agentic 

Salesforce Healthcare CRM systems in regulated 

healthcare operations. 

• To design a layered reference architecture that 

integrates data integrity, AI orchestration, 

explainability, governance, and human oversight 

for accountable healthcare CRM operations. 

• To establish a risk-based human oversight 

framework that classifies agentic AI actions 

according to operational risk and defines 

appropriate approval, escalation, and review 

mechanisms. 

• To propose governance-by-design mechanisms 

that enhance explainability, auditability, privacy 

protection, compliance, and operational 

accountability in agentic healthcare CRM 

ecosystems. 

• To formulate an implementation roadmap and 

governance maturity model for evaluating and 

scaling trustworthy, compliant, and human-

supervised agentic CRM systems in regulated 

healthcare organizations. 

GOVERNANCE GAP IN AGENTIC HEALTHCARE 

CRM 

The movement from deterministic workflow logic to 

agentic orchestration introduces a governance gap that many 

organizations underestimate. Deterministic automation 

generally follows predefined rules with relatively stable 
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execution boundaries. Agentic systems, by contrast, may 

dynamically prioritize tasks, infer likely next steps, select 

among multiple action pathways, or compose actions across 

connected systems based on changing context. This 

flexibility increases capability, but it also complicates 

accountability. (S. Sahu, 2026) 

Five governance gaps are especially important in 

healthcare CRM. First, explainability often degrades when 

decision support and orchestration logic rely on layered 

inference, confidence scoring, and context assembly that are 

not exposed to end users or auditors in a reviewable form. 

Second, policy compliance can become inconsistent when 

consent state, access scope, or use restrictions are evaluated 

unevenly across systems. Third, escalation design is 

frequently underdeveloped, leaving organizations without 

reliable approval checkpoints for high-risk actions. Fourth, 

observability may capture low-level logs without producing 

business-meaningful evidence of why a recommendation or 

action occurred. Fifth, ownership becomes blurred when AI 

recommendations, platform automation, and human 

execution overlap without defined control boundaries. 

(Gupta et al., 2026) 

In practice, these gaps can produce specific operational 

failures. A claims-related recommendation may be triggered 

on incomplete identity resolution. Outreach may be 

personalized using data that should not have been activated 

for that purpose. A case prioritization workflow may over-

trust model output despite low confidence or conflicting 

evidence. A supervisor may see the final action but not the 

factors that influenced it. During audit, the organization may 

be able to prove that an event occurred but not demonstrate 

that the event was appropriately governed.  

This governance gap is not solved by adding a single 

review step or a generic responsible AI statement. It requires 

architectural integration across data, policy, orchestration, 

logging, access design, and human operating procedures. 

For this reason, the present paper treats governance not as a 

compliance overlay but as a primary design dimension of 

agentic healthcare CRM. (Alluri, 2026) 

PROPOSED REFERENCE ARCHITECTURE 

The proposed architecture is organized into four 

mutually reinforcing layers: the data integrity layer, the 

intelligence and orchestration layer, the governance and 

observability layer, and the human oversight layer. 

Together, these layers create a control system that supports 

useful automation while preserving accountability for high-

stakes actions. 

Human Oversight Layer 

The human oversight layer anchors accountability. It 

includes approval workflows, supervision queues, exception 

triage, override mechanisms, expert review loops, and post-

action quality assessment. The design principle is not that 

humans must manually perform every task, but that 

meaningful human authority must remain present wherever 

the risk, ambiguity, or impact of the action justifies 

intervention. This layer also formalizes who is responsible 

for reviewing edge cases, monitoring drift, approving policy 

changes, and adjudicating disputes that arise from agentic 

recommendations. 

 Governance and Observability Layer 

The governance and observability layer translates policy 

into enforceable runtime controls. It includes policy 

evaluation, exception detection, audit evidence generation, 

explainability capture, monitoring dashboards, incident 

review structures, and rollback or suspension controls. A 

well-designed observability model must do more than record 

system events. It must show which data classes were used, 

which policy conditions were evaluated, what confidence 

thresholds were met, whether a human approval gate was 

invoked, and how the final action was authorized. This 

converts technical logging into governance evidence. 

Intelligence and Orchestration Layer 

This layer contains predictive models, recommendation 

services, rule engines, agentic workflow components, 

prompt templates where applicable, and action selection 

logic. The architecture distinguishes clearly between 

recommendation, reversible action, and irreversible or high-

impact action. Every model-driven output must carry 

confidence and rationale metadata sufficient for downstream 

review. The orchestration design should support bounded 

autonomy rather than unconstrained action selection. In 

practical terms, this means that low-risk recommendations 

can be auto-surfaced, medium-risk actions can be 

conditionally executed with logging and threshold checks, 

and high-risk actions should require approval or explicit 

human confirmation. 

Data Integrity Layer 

The data integrity layer includes ingestion, 

harmonization, identity resolution, consent state 

management, access classification, and quality assurance. In 

an agentic environment, weak data controls propagate 

quickly into incorrect recommendations and unsafe actions. 

For that reason, the architecture requires explicit confidence 

thresholds for identity resolution, versioned consent state, 

data lineage visibility, and policy tags that determine 
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whether specific attributes can be used for recommendation, 

personalization, routing, or escalation. Minimum necessary 

access must be enforced not only at the user role level but 

also at the data activation level for downstream intelligent 

actions. 

 

Figure 1: Layered architecture for agentic healthcare 

CRM governance 

 HUMAN-IN-THE-LOOP OPERATING MODEL 

A robust governance architecture for agentic healthcare 

CRM requires an operational framework that integrates 

human oversight into AI-driven decision-making rather than 

relying solely on technical controls. The proposed Human-

in-the-Loop (HITL) operating model classifies agentic 

actions into three risk-based tiers, ensuring that governance 

mechanisms are aligned with the operational impact of each 

action. This approach enables organizations to balance 

automation efficiency with regulatory compliance, 

transparency, and accountability.  

Tier 1: Low-Risk Assistive Actions 

Low-risk assistive actions include workflow 

suggestions, draft responses, informational prompts, and 

prioritization recommendations that support users without 

directly affecting sensitive healthcare outcomes. Since these 

actions have minimal operational risk, they can be generated 

automatically by the system while remaining subject to 

continuous monitoring, logging, and periodic retrospective 

reviews to ensure consistent performance and compliance. 

Tier 2: Medium-Risk Conditional Actions 

Medium-risk conditional actions involve routing 

recommendations, next-best-action suggestions, and 

communication sequencing decisions that rely on identity 

verification, consent status, and contextual data quality. 

These actions may be executed only when predefined 

confidence thresholds, policy requirements, and data quality 

standards are satisfied. They also require enhanced 

monitoring, exception handling, audit logging, and timely 

supervisory review to minimize operational and compliance 

risks. 

Tier 3: High-Risk Actions 

High-risk actions include decisions that significantly 

influence claims processing, care management escalation, 

grievance resolution, or sensitive patient outreach. Because 

these actions can directly affect regulated healthcare 

operations, they require explicit human approval, approval 

gates, or dual-review validation before execution. 

Comprehensive explainability records and audit trails must 

accompany every decision to ensure accountability and 

regulatory readiness. 

The tiered HITL model enables organizations to scale 

agentic AI responsibly by applying governance controls 

proportional to operational risk rather than uniformly 

restricting automation. Furthermore, continuous feedback 

loops strengthen governance by allowing supervisors to 

document review outcomes, refine decision thresholds, 

improve policies, enhance AI models where appropriate, and 

identify recurring issues related to identity resolution, 

consent interpretation, and workflow performance. Thus, 

human oversight functions as an active mechanism for 

continuous governance improvement rather than merely 

serving as a final approval checkpoint. 

Table 1. Human-in-the-loop matrix 

Tier Action type Default control 

Tier 1 Low-risk assistive 

output 

Monitoring and 

retrospective 

sampling 

Tier 2 Medium-risk 

conditional action 

Threshold checks, 

exception review, 

supervisor 

visibility 

Tier 3 High-risk action Explicit approval 

before execution 

COMPLIANCE ALIGNMENT AND CONTROL 

MAPPING 

Although this paper is architecture-oriented rather than 

legal in nature, compliance alignment is essential for 

practical adoption in healthcare. The proposed blueprint 

supports several foundational control expectations common 

across regulated care operations. 
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First, privacy and security safeguards are strengthened 

by linking access classification, data minimization, and 

consent-aware activation to the same architecture that 

generates intelligent recommendations and system actions. 

Second, audit readiness is improved because the 

observability layer captures rationale, confidence context, 

policy evaluation status, and approval history rather than 

only raw technical events. Third, accountability is 

strengthened because high-impact actions are explicitly tied 

to supervisory checkpoints and named control owners. 

Fourth, operational integrity is improved because exception 

pathways and rollback controls are built into the architecture 

rather than improvised after incidents occur. 

From an enterprise perspective, the architecture also 

improves coordination between compliance teams, security 

teams, platform architects, data governance leaders, and 

business operations. Many CRM governance failures 

emerge not from a single technical defect but from weak 

alignment between these roles. By defining control layers 

and ownership points in advance, the architecture reduces 

ambiguity around who approves sensitive automation 

patterns, who reviews incidents, who monitors drift, and 

who is empowered to suspend unsafe workflows. 

Table 2. Risk-control mapping 

Risk category Example failure 

mode 

Control response 

Identity 

uncertainty 

Incorrect 

member-level 

action 

Confidence 

threshold and 

human review 

Consent 

ambiguity 

Unauthorized 

outreach 

Policy check and 

activation block 

Opaque 

recommendation 

Unreviewable 

decision support 

Rationale capture 

and explainability 

panel 

High-impact 

action 

Unsafe 

autonomous 

execution 

Approval gate and 

four-eyes control 

Audit weakness Incomplete 

evidence trail 

Governance 

observability and 

trace logging 

IMPLEMENTATION ROADMAP 

A realistic implementation roadmap begins with current-

state assessment. Organizations should evaluate existing 

CRM workflows, activation use cases, identity confidence 

patterns, consent governance maturity, logging depth, 

approval models, and exception handling capability. This 

assessment should classify use cases by risk and identify 

where agentic functionality is already influencing 

operational outcomes without sufficient oversight. 

The next phase is pilot design. Organizations should 

begin with bounded use cases in which the business value is 

tangible but the risk can be tightly managed. Suitable 

examples include supervisor-reviewed recommendations for 

case prioritization, consent-aware engagement support, or 

agent-assist guidance in service operations. During this 

phase, governance artifacts should be created in parallel with 

technical assets: risk tier matrices, approval rules, exception 

taxonomy, audit evidence templates, and escalation roles. 

The third phase is controlled scale-out. As trust in the 

governance model increases, additional use cases can move 

from assistive recommendations to conditional automation, 

provided that threshold validation, monitoring quality, and 

human review capacity keep pace. The operating committee 

responsible for governance should review incidents, false 

positives, override trends, drift indicators, and policy 

exceptions on a recurring basis. Scale should be a result of 

demonstrated control maturity, not just platform capability. 

 

Figure 2. Governance maturity curve 

Table 3. Prior publication continuity map 

Prior 

publication 

theme 

Established focus Extension in this 

paper 

Privacy-

preserving 

healthcare 

CRM 

Trustworthy 

intelligence in 

regulated CRM 

Adds explainability 

and human 

governance for 

agentic action 

Salesforce 

Data Cloud 

blueprint 

Ingestion, 

harmonization, 

identity, quality, 

consent-aware 

activation 

Adds runtime 

control and 

oversight 

Zero-trust 

healthcare 

resilience 

Security and 

resilience architecture 

Adds agent-level 

observability and 

approval design 

Agentforce 

governance 

Governance-by-

design for agentic 

CRM 

Adds a formal 

human-in-the-loop 

operating model 
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ILLUSTRATIVE CASE VIGNETTES 

Three brief case vignettes help demonstrate how the 

architecture functions in practice. 

Vignette 1: Agentic claims triage. A payer organization 

uses an AI-supported CRM workflow to identify claims 

cases needing rapid follow-up. Under the proposed 

architecture, the recommendation engine may prioritize 

cases and propose routing actions, but high-impact 

escalations require supervisory review when identity 

confidence is low, when the data lineage is incomplete, or 

when the recommendation is based on sensitive data classes. 

This design preserves operational speed while preventing 

unreviewed escalation errors. 

Vignette 2: Consent-aware outreach orchestration. A 

healthcare organization uses CRM intelligence to schedule 

outreach for care management engagement. Before 

messages are activated, the policy layer verifies consent 

status, communication eligibility, and channel restrictions. 

If confidence in consent state is insufficient or if use 

restrictions conflict across sources, the action is diverted to 

review rather than executed automatically. 

Vignette 3: Care management escalation support. An 

agentic support layer recommends which members should 

receive additional case manager review. In the governance 

blueprint, the recommendation is displayed with rationale 

metadata, confidence context, and visible policy checks. 

Human reviewers can accept, defer, or override the 

recommendation, and their decision becomes part of the 

learning and governance evidence trail. 

EVALUATION AND METRICS 

A practical architecture should be judged by measurable 

governance outcomes rather than by automation volume 

alone. Five metrics are especially useful. 

• Critical incidents per 10,000 automated actions: 

tracks severe control failures or materially 

inappropriate actions. 

• Explainability coverage percentage: tracks the 

proportion of recommendations or actions that 

include reviewable rationale and decision context. 

• Percentage of automated actions under explicit 

human oversight: measures how well the 

operating model aligns action authority with risk. 

• Escalation turnaround time: evaluates whether 

human review controls are operationally 

sustainable. 

• Audit exception rate: tracks the frequency of 

governance breakdowns discovered through formal 

review. 

Table 4. Illustrative maturity data can be represented 

as follows. 

Phase Critical 

incidents 

per 10k 

actions 

Explainability 

coverage % 

Automated 

actions with 

human 

oversight % 

Pre-

Blueprint 

8.5 35 10 

After 

Governance 

Blueprint 

3.1 68 45 

Mature 

Human-in-

the-Loop 

1.2 92 70 

These values are illustrative, but they show the intended 

direction of improvement. As governance matures, critical 

incidents should decline while explainability and structured 

oversight increase. For a submission-ready manuscript, this 

table can be accompanied by a figure showing maturity 

progression across the three phases. 

LITERATURE REVIEW  

(Ledro et al., 2025) Organisations' effective use of AI in 

this context was the primary focus of the paper's exploration 

of AI applications' integration into CRM. Researchers used 

an exploratory qualitative technique to interview AI 

specialists, solution suppliers, and businesses trying to 

integrate AI with customer relationship management 

systems. This helped them identify important but often-

overlooked procedures and practical actions. With a focus 

on areas like ethics by design, centralised customer data, 

model retraining, and continuous user engagement, our 

research lays out a thorough framework for incorporating AI 

into CRM. Aligning AI capabilities with CRM 

idiosyncrasies to satisfy business goals is made easier with 

the practical assistance provided by this research, which also 

extends theoretical insights on AI-CRM integration and 

delivers scholarly contributions. 

(Prakash et al., 2026) Current AI governance 

frameworks have an emphasis on managing risks during a 

product's lifespan, but they don't provide much help with 

running agent fleets on a daily basis. An expedited, practice-

oriented synthesis of governance standards, agent security 

literature, and healthcare compliance needs led the 

researchers to propose a Unified Agent Lifecycle 

Management (UALM) model. The five control-plane layers 

that UALM uses to map recurring gaps are as follows: (1) an 
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identity and persona registry; (2) orchestration and cross-

domain mediation; (3) context and memory bounded by 

PHI; (4) runtime policy enforcement with kill-switch 

triggers; and (5) lifecycle management and 

decommissioning linked to credential revocation and audit 

logging. Transitional adoption may be facilitated by a 

partner maturity model. By UALM, healthcare CIOs, 

CISOs, and clinical executives may preserve local 

innovation and enable safer expansion across clinical and 

administrative domains, all while implementing an audit-

ready oversight pattern. 

(Badmus et al., 2019) Developed with regulated 

healthcare settings in mind, the article offered a governance 

structure for managing the Salesforce platform. Governance 

of data architecture, identity and access, integration, change 

management, release control, and compliance auditing and 

monitoring are the five pillars upon which the framework 

rests. The paper lays out design concepts, implementation 

recommendations, and governance controls for each pillar, 

all based on the confluence of healthcare regulatory 

requirements and the capabilities of the Salesforce platform. 

The paradigm is based on findings from studies on corporate 

CRM, literature on healthcare IT governance, and real-world 

experiences in implementing Salesforce Health Cloud. To 

help hospital IT executives, Salesforce architects, and 

compliance officers develop and manage platform 

governance that meets operational and regulatory standards, 

the suggested framework offers a structured reference 

model. 

(Peri, 2024) Regulatory compliance, operational 

efficiency, and patient care delivery were the primary foci of 

this article's analysis of healthcare organisations' use of 

Salesforce CRM systems. This article explores the ways in 

which cloud-based CRM solutions challenge conventional 

healthcare delivery models. Methods such as quantitative 

examination of implementation results, qualitative 

interviews with healthcare administrators and practitioners, 

and longitudinal case studies across different healthcare 

institutions are used to do this. The results show that by 

better data centralisation, easier appointment administration, 

and more communication among care team members, 

patient-centric care delivery has significantly improved. The 

paper shows that healthcare organisations who used 

Salesforce Health Cloud had significant improvements in 

patient engagement, care coordination, and regulatory 

compliance, but they also had some trouble with the 

adoption and integration of the system with their personnel 

at first. 

(S. K. Sahu, 2024) Using current cloud services, 

workflow orchestration, and data activation layers, the 

article suggested a realistic library of governance patterns 

for regulated cloud CRM systems. The platform's emphasis 

was on healthcare and insurance contexts. Using policy 

controls, human-in-the-loop review, consent-aware data use, 

quick and model governance, auditability, and release 

discipline, the essay provides a design-oriented reference 

framework. The article argues that AI governance is more of 

an enterprise architectural issue that has to be woven into 

operational processes, platform design, and delivery 

governance rather than seen as a standalone legal checklist. 

Organisations may expand AI-enabled CRM services with 

confidence, resilience, and regulatory preparedness with the 

support of a practitioner-oriented framework, which is the 

key contribution. 

(Alluri, 2026) This paper put forth the Governed Agentic 

CRM Intelligence Architecture, a multi-tiered theoretical 

framework that incorporates the following: reliability 

engineering, human supervision, lifecycle governance, trust 

layer controls, agent orchestration, retrieval augmented 

generation, machine learning decision intelligence, and 

CRM data grounding. This work makes a fourfold 

contribution. To start, it lays out a standard design for 

Salesforce CRM applications that use artificial intelligence. 

Secondly, it finds the real-world differences between agentic 

CRM decision systems and traditional CRM automation. 

Last but not least, it integrates a uniform corporate paradigm 

for AI governance, cybersecurity, software dependability, 

and CRM platform design. Fourth, it lays out the constraints, 

implementation factors, and areas for further study regarding 

the adoption of trustworthy and scalable AI in Salesforce 

CRM ecosystems. The study does not assert experimental 

evidence since it is based on concepts and architecture. On 

the other hand, it offers a research-based paradigm for 

responsible AI in customer-centric platforms that can be 

used by corporate architects, CRM platform teams, leaders 

of AI governance, and researchers. 

Table 5. Finding from Literature Review 

Reference Primary 

Focus 

Key Contributions 

Ledro et al. 

(2025) 

AI-CRM 

Integration 

Framework for AI integration 

emphasizing ethics-by-design 

and centralized data. 

Prakash et 

al. (2026) 

Healthcare 

Agent Fleets 

Unified Agent Lifecycle 

Management (UALM) model 

featuring runtime policy 

enforcement. 
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Badmus et 

al. (2019) 

Salesforce 

Governance 

Foundational compliance and 

data pillars for traditional 

Salesforce Health Cloud. 

Peri (2024) CRM 

Operational 

Impact 

Empirical evidence of 

improved care coordination 

via Salesforce Health Cloud. 

Sahu 

(2024) 

Cloud CRM 

AI 

Governance 

Isolated governance patterns 

(HITL, consent-aware data) 

for healthcare/insurance. 

Alluri 

(2026) 

Agentic CRM 

Architecture 

Theoretical multi-tiered 

framework for Salesforce AI 

and reliability engineering. 

DISCUSSION 

The proposed framework suggests that the central 

challenge in agentic healthcare CRM is not whether 

intelligent automation can be deployed, but whether it can 

be deployed responsibly at operational scale. Architectures 

that prioritize feature enablement without embedding policy 

enforcement, reviewability, and human control are likely to 

create downstream audit, trust, and incident burdens that 

outweigh short-term efficiency gains. Healthcare enterprises 

therefore need governance-by-design, not governance as a 

retrofit. 

The discussion also highlights the importance of 

explainability as an operational property rather than a 

theoretical one. In practice, explainability matters because 

claims supervisors, care managers, compliance reviewers, 

auditors, and enterprise leaders must be able to understand 

why an action was proposed or taken. When rationale is 

invisible, accountability weakens. When rationale is 

captured in a structured and reviewable form, oversight 

becomes actionable. 

A third implication concerns the future role of human 

expertise. The proposed model does not treat human 

reviewers as a temporary bridge until full autonomy is 

acceptable. Instead, it treats expert intervention as a 

permanent and valuable part of safe governance in regulated 

care settings. This is especially true for edge cases, cross-

system conflicts, consent ambiguity, and high-impact 

decisions where business rules, patient trust, and enterprise 

accountability intersect. 

CONCLUSION 

The rapid adoption of agentic AI within Salesforce 

Healthcare CRM platforms presents significant 

opportunities to improve operational efficiency, patient 

engagement, and intelligent decision support. However, 

these benefits can only be realized when automation is 

supported by robust governance mechanisms that ensure 

transparency, accountability, and regulatory compliance. 

This paper presents a Human-in-the-Loop governance 

blueprint that integrates data integrity, AI orchestration, 

governance and observability, and human oversight into a 

unified reference architecture for regulated healthcare 

environments. The proposed risk-tiered operating model 

enables organizations to apply governance controls 

proportionate to the impact of automated actions while 

preserving operational agility. Furthermore, governance-by-

design principles, explainability, consent-aware data 

management, auditability, and continuous supervisory 

feedback collectively strengthen organizational trust and 

reduce the risks associated with autonomous decision-

making. By positioning governance as a fundamental 

architectural component rather than a post-deployment 

compliance activity, the proposed framework provides 

healthcare enterprises with a practical roadmap for 

implementing responsible and scalable agentic CRM 

solutions. Future research should validate the framework 

through real-world case studies, empirical performance 

assessments, and quantitative evaluation across diverse 

healthcare organizations to further refine governance 

practices for trustworthy AI adoption. 
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